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Contracts to Nonprofit Organizations
in New York City
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Baruch College and Graduate Center–City University of New York
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University of Oregon

abstract Publicly funded social services are an increasingly important com-

ponent of social provision spending, accounting for approximately one-fifth of to-
Social

0037-7
day’s welfare state expenditures. These funds are often allocated through purchase

of service contracts between state and municipal agencies and third-party providers,

usually nonprofit organizations. This study uses a unique dataset of government con-

tracts with nonprofit organizations in New York City between 1997 and 2001 to study

the relationship between the allocation of social services funding across neighborhoods

and neighborhood need. We distinguish between local organizations serving their im-

mediate neighborhoods and distributive organizations serving multiple neighborhoods.

Overall, contract dollars allocated to both organizational types are positively associated

with socioeconomic disadvantage, although distributive organizations are less likely to

be physically located in needy neighborhoods. However, contract dollars for services

targeted to specific populations are sometimes negatively associated with the preva-

lence of these targeted populations, especially when those contracts go to distributive

organizations.

oduction
intr

The US welfare state has a long tradition of joint public-private provision.
Aspects of the nation’s history, including federalism, the power of interest
groups, and a long-standing preference for a small state bureaucracy have
produced, sustained, and expanded this arrangement for nearly 2 centuries
(Salamon 1987; Clemens 2006; Morgan and Campbell 2011). The earliest
Service Review (June 2013). © 2013 by The University of Chicago. All rights reserved.
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forms of state and local assistance to the destitute included agreements

320 | Social Service Review
with private households to shelter and feed public charges in exchange for
their labor, as well as the distribution to needy families of basic household
goods (food, fuel, etc.) purchased from local merchants (Patterson 1994). By
the mid-nineteenth century, state governments were routinely subsidizing
private agencies to take care of orphans, the disabled, the mentally ill, and
the sick, often because these subsidies amounted to a fraction of the cost
of setting up and operating public institutions to provide the same services
(Barrows 1885; Department of Finance Charitable Institutions Division
1904; Salamon 1987). With the exception of federal Civil War pensions,
these various noncash forms of assistance to the poor constituted the bulk
of the US welfare state until the early twentieth century, when “mothers’
pensions” (Leff 1973, 397) finally broke through the states’ strong distaste
for “outdoor” relief (i.e., income support; Patterson 1994, 20).

The Social Security Act of 1935 (42 U.S.C.) marked a sea change in US
welfare provision. Not only did the federal government take on dramati-
cally enhanced responsibility for citizen well-being, but income support
took center stage. At the same time, however, the act provided for a range
of service-based forms of assistance, including maternal and child health
services, child protection, vocational rehabilitation for the disabled, and
public health services. In keeping with longstanding traditions of public-
private provision of noncash assistance, it explicitly allowed for states to
purchase these services from private charitable organizations (e.g., 42 U.S.C.
Title V, Section 503(a)(6); Title V, Section 513(a)(6)). Amendments to
the act in 1962 and 1967 set the stage for significant growth in service-
based forms of aid to the poor, often through purchase-of-service con-
tracts with private nonprofit organizations (Cohen and Ball 1968; Der-
thick 1975; Lynn 2002). The creation of Medicare and Medicaid in 1965
opened up a new conduit for the public purchase of medical and related
services.

In sum,while income transfers may be the most visible form of present-
day public welfare provision, the US government arguably spends at least an
equal amount on services to help secure citizens’ well-being. For example,
2010 data show that income transfers represented approximately 45 per-
cent of federal social welfare spending, while medical insurance accounted
for about 38 percent, and social services approximately 17 percent (Center
on Budget and Policy Priorities 2012; United States Department of Health
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and Human Services 2012).1 Public spending on services is a critical part of
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the social benefit package of low-income people. As Scott Allard (2009)
documents, US governments spend far more on social services for the poor
than on means-tested income transfers. Furthermore, the 1996 welfare re-
form, which limited the time poor people can receive income transfers, is
likely to make social services an increasingly large component of this group’s
social benefit package (Allard 2009).2

For some time now, a large majority of publicly funded social services
have been provided by private, mostly nonprofit organizations under con-
tract with the government (Hodgkinson and Weitzman 1986; Katz [1986]
1996; Smith and Lipsky 1993; Salamon 1995). The importance of these
services to the well-being of low-income people has led to 3 decades of
scholarship that explores the various ways that government funding im-
pacts nonprofit organizations, including their programming, staffing, man-
agement, governance, client selection, outcomes, and related concerns
(Kramer 1982, 1994; DeHoog 1984; Grønbjerg 1993; Smith and Lipsky 1993;
Provan and Milward 1994; Lynn 2002; O’Regan and Oster 2002; Luksetich
2008; Garrow 2011; Mosley 2012). One such line of research explores ac-
cess to service providers as a function of providers’ geographic location
(Bielefeld 2000; Twombly 2001; Allard, Tolman, and Rosen 2003; Joassart-
Marcelli andWolch 2003; Twombly andAuer 2004; Allard 2009).Thiswork
helps raise the question of how distinctive features of the social services
form of welfare provision might impact individuals, families, and commu-
nities.

We argue in this article that social services are marked by two provi-
sion mechanisms distinct from those that characterize income transfers or
government-sponsored medical insurance and thus that it is necessary to
examine more fully how social services become available to citizens. This
study goes beyond prior work that investigates whether service-providing

1. This estimate of income transfers includes Social Security (retirement, disability, and
survivors payments), Temporary Assistance to Needy Families (TANF), Supplemental Security

Income (SSI), the Earned Income Tax Credit (EITC), and the Child Care Tax Credit. The esti-

mate of medical insurance includes Medicare, Medicaid, and the Child Health Insurance Pro-

gram. Calculations of these percentages, based on these two sources, are available upon request.

2. The time limits are true of TANF benefits, though not of SSI benefits, which some

recent research shows may be becoming a partial substitute for TANF (Zedlewski and Alder-

son 2001; United States General Accounting Office 2002; Wamhoff and Wiseman 2005–6).
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organizations are located in areas where needy citizens live (Bielefeld
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2000; Twombly 2001; Joassart-Marcelli and Wolch 2003; Twombly and
Auer 2004; Allard 2009) to inquire about the extent to which these orga-
nizational turnkeys actually channel public dollars to those areas.3Wedraw
on a unique data set to explore how public funding for social services is
distributed across geographic space and to investigate whether there is a
spatial match between socioeconomic need and the distribution of these
public dollars.
allocation and accessibility of publicly

funded social services

We estimate that social services represent approximately 17 percent of the
federal social welfare budget, though this figure surely underestimates the
total amount of public resources spent on social services, for two reasons.
First, a number of studies note that estimates of federal social services spend-
ing are far less reliable than estimates of income transfer and medical insur-
ance spending, due to the difficulty of locating service-based expenditures
within complex public budgets (Smith and Lipsky 1993; Garfinkel et al. 2005;
Allard 2009). Second, state and local governments usually allocate addi-
tional funds for social services, indicating that the amount of public funds
spent on these services goes significantly beyond the federal amount.4

The accessibility of social services also differs from that of other pub-
lic provision; the mechanisms by which social services become available
to individuals differ from how people access either income transfers or
government-sponsored medical insurance. Income transfer policies are
based on standardized eligibility rules and come directly to individuals
in the form of automatic payments. Most importantly, with the exception
of TANF, there is no spending cap for funding the various income trans-
fer programs, Social Security, SSI, EITC, and the Child Care Tax Credit.
As such, funding and delivery of income transfers are tightly linked.
Government-sponsored medical insurance also has standardized eligibil-
ity rules and, furthermore, is an entitlement. Although insured individuals
3. For a study of the geographic distribution of private philanthropic dollars to socia

service providers, see Reckhow and Weir (2012).

4. Some of the funds allocated by states come from the federal government, such a

Community Development Block Grant or Social Services Block Grant funds. In most states

however, state and local tax-levy dollars are added to the federal funds.
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must find their own service providers, payment for service usually goes
directly from government to the provider, ensuring a strong link between
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funding and delivery of medical insurance. Of course, eligibility for both
income transfers and medical insurance is determined by caseworkers who
may apply the same rules differently for different recipients (Lipsky 1980;
Watkins-Hayes 2009; Soss, Fording, and Schram 2011).Comparedwith both
income transfers and medical insurance, however, the social services piece
of the welfare state is characterized by mechanisms that separate funding
from service delivery.

First, executive agencies at the local, state, and federal levels generally
fund their social services budgets through discretionary legislative appro-
priations. These appropriations are usually capped at a fixed level that may
or may not be related to citizen need. While state and local governments
receive some social services funds through formula-based allocations from
higher levels of government (e.g., the federal Social Services Block Grant
sends funds to state governments based on population), the overall appro-
priation is still fixed by legislative mandate. This is distinct from either in-
come transfers or medical insurance, where any individual who meets the
eligibility criteria can receive assistance. In contrast, the funding mecha-
nism for social servicesmeans that citizen access to these services frequently
constitutes a zero-sum game.

A second major distinction in the social services delivery mechanism
is that a large proportion of these services are contracted out, usually
to private, nonprofit providers. This creates an indirect relationship be-
tween government and its beneficiaries, mediated by the private, service-
providing organization (cf. Milward and Provan 2000). The accessibility
of publicly supported social services thus depends not only on individual
eligibility but also on the location of service providers and the ease of
finding providers. Whereas income transfers are sent directly to individ-
uals via direct deposit, a check, or an electronic benefits card, both social
services and medical services must be accessed at a particular location
(e.g., Fossett and Peterson 1989; Mitchell 1991; Allard et al. 2003; Rodri-
guez et al. 2007; Allard 2009; Ku, Jones, and Shin 2011). For example,
health, mental health, and drug treatment counseling may be delivered at
community clinic sites. If these clinics are located close to clients’ homes,
they are more likely to attend regularly than if the clinics are far away
(Kaplan et al. 1998; Appel et al. 2004; Choi and Gonzalez 2005; Yang
et al. 2006; Bazzoli et al. 2012). Similarly, subsidized housing is built in
specific neighborhoods. If this housing is located far away from friends
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and family, residents are more likely to suffer from a lack of social sup-
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port (Goetz 2003; Venkatesh and Celimli 2004; Briggs, Popkin, and Goe-
ring 2010). In other words, the location of medical and social services
intersects with other aspects of individuals’ lives, affecting the extent to
which clients (and potential clients) benefit from services. Thus, the bu-
reaucratic process by which these services are allocated to particular
places is critical to analysis of the welfare state.5

In addition to the distinctive mechanisms by which publicly funded so-
cial services become available to citizens, the ongoing devolution of pol-
icy decisions from the federal level to states, counties, and municipalities
calls our attention to the actions of these lower levels of the federal system.
Devolution has made state and municipal officials increasingly responsible
for deciding how to spend federal dollars in a variety of program areas
(Caputo 1994; Conlan 1998; Winston 2002; Gainsborough 2003; Fellowes
and Rowe 2004; Lambright and Allard 2004; Bishop 2006). Social services
funding combines federal dollars with state and local appropriations, and
decisions about how to allocate this money—including which nonprofit or-
ganizations will receive government contracts to deliver social services—
lie in the hands of state and local executive agency staff. Analyses of the
current relationship between government and nonprofit organizations thus
need to focus more on state- and city-level data (e.g., Grønbjerg 1993; Savas
2002).

After state and municipal legislatures determine budget allocations for
particular areas of social service, such as day care, elderly services, or em-
ployment training, decisions about how to allocate those dollars pass to the
executive agencies. Sometimes, these agencies use funds to provide services
directly to clients. Allard, for example, finds that in three large US cities, be-
tween 25 and 35 percent of social service providers are government agen-
cies (Allard 2009, table A5). In most cases, however, government agencies
construct bidding processes and invite private organizations, most of which
are nonprofit organizations (NPOs), to compete for the opportunity to pro-
vide services. Which NPOs receive contracts to deliver services has direct

5. The service delivery mechanism for Medicaid, the main publicly supported medical
insurance program for the poor, is complex. In many cases, medical providers submit claim

directly to Medicaid on behalf of Medicaid-enrolled individuals, and Medicaid pays the pro

vider; this has similarities to the mechanism for income transfers and Medicare, although pro

viders must still be located and accessed. In other cases, Medicaid allocates a lump sum to

a provider for a specified quantity of a particularmedical service; this mechanism is largely paral

lel to the social services allocation mechanism described here.
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consequences for the geographic locations where services may or may not
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become available, thus determining who is most likely to access those ser-
vices. In other words, contracts sent to NPOs in particular places mean that
residents of those places are more likely to access those services, while
equally needy people in places without such contract resources will be less
able toobtain services.This structure of distributiondemands thequestionof
what actually happens in the process of government contract allocation to
NPOs.

A few existing studies examine the location of NPOs within cities or
metropolitan areas in order to understand the relationship between citi-
zens’ socioeconomic need and the availability of NPO services (Wolpert
1993; Bielefeld 2000; Twombly 2001; Joassart-Marcelli and Wolch 2003;
Twombly and Auer 2004). Allard (2009) improves substantially on this
approach by estimating the relationship between NPO location and the con-
centration of low-income people within a three-mile radius. Both techniques,
however, are hampered by the reality that the existence of an NPO in a par-
ticular location is an indirect proxy for understanding the availability of ser-
vice resources in that location. For example, one neighborhood may have
multiple NPOs whose collective small amounts of government contract dol-
lars add up to substantially fewer resources than another neighborhood with
one or two NPOs with large contract allocations.

Since many nonprofit social service providers receive the large major-
ity of their funds from government sources (Rosenthal 2000), the actual
number of government dollars allocated within a given neighborhood is
a better measure of service availability than the existence or number of
NPOs in that neighborhood. In what follows, we draw on a data set con-
structed by the authors to examine the distribution of government con-
tract dollars to NPOs in New York City. Our primary question of interest
in this article is the relationship between the allocation of these funds
and neighborhood need. We define need both broadly in terms of socio-
economic disadvantage and narrowly in relation to specific target popu-
lations for certain services.
method

data

The primary data for the project are administrative records of all con-
tracts to nonprofit organizations located in the five boroughs of New York
City (Manhattan, Brooklyn, the Bronx, Queens, and Staten Island), from all
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New York City and New York State government agencies. These records
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were obtained from theNewYork City comptroller and theNewYork State
comptroller, respectively, via requests filed under the city’s and the state’s
separate freedom of information laws. The city and state comptroller’s
offices are centralized record keepers for their respective governments’ ex-
penditures. The data contain the full population of contracts to nonprofit
organizations from 1997 through 2001. Data were transmitted to the au-
thors in electronic database format.

Each contract entry includes information on the name of the non-
profit organization receiving the contract; the street address, city, and zip
code of the organization; the amount of the contract (in dollars); the start
and end dates of the contract; and a brief narrative description of the con-
tract purpose. The contracts from New York City also contain information
on the community districts (administrative geographic units described be-
low) where the service funded by the contract was to be provided. An or-
ganization may receive one or more contracts during the time period cov-
ered by the data.

The original data contained contracts that were active between the years
1997 and 2001 (inclusive), either because their start date fell within this time
frame or because their start date was earlier but their end date fell within
this period or later. Many of these contracts were for single years, but there
were also numerous multiyear contracts (45.5 percent). We assume that
funding will be uniformly distributed over the length of the contract and
so we determine the amount of funding for each contract within our time
interval by multiplying the total amount of the contract by the proportion
of the total contract time that fell within the interval.

The data set contains 25,984 unique contracts; 5,241 of them come
from New York City government agencies, while 20,653 come from New
York State government agencies. Over our 5-year period, 5.2 billion dollars
were allocated to organizations by New York City and 4.2 billion dollars
were allocated to organizations by New York State.
classifying contracts by service type
We assigned each contract to one of 23 service-type categories: advocacy,
community development, crime, culture, day care, disabilities, education/
training, elderly, employment training for the disabled, preemployment
skills training, other employment-related, foster care, family preventive
services, general operating support, AIDS-related health, mental health,
This content downloaded from 128.135.216.42 on Fri, 5 Jul 2013 17:08:11 PM
All use subject to JSTOR Terms and Conditions

http://www.jstor.org/page/info/about/policies/terms.jsp


substance abuse treatment and prevention, other health-related, housing,
6
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immigration, rent/physical plant, youth programs, or other. Service codes
were assigned based on the entry in the contract purpose field of the origi-
nal data. In nearly all cases, this description was for a single type of service.
Assigning service codes to contracts rather than to organizations addresses
the issue that many nonprofit organizations provide multiple services, ren-
dering organization-level service codes, such as the National Taxonomy of
Exempt Entities Core Codes (NTEE-CC; National Center for Charitable
Statistics 2013) poor proxies for the availability of specific services in neigh-
borhoods.7 Contract-level service codes allow us to track the actual dollars
spent on particular services in particular places.

We developed our coding scheme based on categories that emerged
from the entries in the contract purpose field of the data set. We devel-
oped the initial set of coding categories using an open-coding approach
(Miles and Huberman 1994) applied to a random selection of approxi-
mately 20 percent (n ¼ 5;000) of the contract purpose entries. We then
applied those initial categories to an additional randomly selected 20 per-
cent (n ¼ 5;000) of the contract purpose entries to examine how well the
categories fit to additional data. After some adjustments, including the
addition of new categories and the collapsing of some of the initial cat-
egories, we applied the revised categories to a new random selection of
20 percent (n ¼ 5;000) of all the contract purpose entries, including en-
tries that had been previously coded, to assess internal validity. We then
developed a codebook for use in coding the rest of the data. Each code in-
cludes both a general description of the category, as well as a set of spe-
cific, repeated contract purpose entries found in the data that are assigned
to each code.

We chose an emergent coding procedure rather than applying the
NTEE-CC codes to the data, to accommodate both the contract-level

6. “Education/training” refers to programs for adults and out-of-school youth. The data
set does not include any contracts for public K–12 education. For the analysis presented

below,we collapse the codes for employment training for the disabled, preemployment skills

training, and other employment-related codes into a single employment category and col-

lapse the codes for foster care and family services into a single family services category.

7. Fifty-nine percent of the organizations in our data set received contracts for only one

type of service, 20 percent received contracts for two different types of services, and 21 per-

cent received contracts for three or more different types of services. Note that any organiza-

tion that received only one contract during the study period could by definition only have

received contracts for one type of service.
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(rather than organizational-level) approach, and the peculiarities of the
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New York City case. Four of our 23 codes fall into two different Major
Group NTEE-CC codes (i.e., the letter codes, such as A for “arts, culture,
and humanities”). Six of our codes fall within the single NTEE-CC P cat-
egory for “human services.”Three of our codes fallwithin the singleNTEE-
CC J category for “employment.”Eight of theNTEE-CC letter categories are
not applicable to our data.Three of our codes do not fall into any NTEE-CC
letter category (general operating support, rent/physical plant, and member
item).

In addition to our 23 service codes,we also categorized some contracts
as member items. Member items are allocations of government funds that
are awarded by elected members of the legislative branch, rather than by
the bureaucratic agencies controlled by the executive branch. In New York,
member items have long been part of the city and state budget processes.
The practices governing member-item spending at the city and state lev-
els are generally the same. In each case, the leader of the legislative body
(in the city’s unicameral legislature, the city council speaker; in the state’s
bicameral legislature, both the assembly speaker and the senate majority
leader, acting independently) allocates a pot of funds to each legislator in
his or her body. These amounts vary substantially among legislators, and in
general favor members of the party that controls the chamber. The legisla-
tive leader usually reserves the largest pot of funds for his/her own use (Ha-
kim 2007; New York Times 2011). Each legislator can use the money to allo-
cate contracts of any size to nonprofit organizations of his or her choosing.

Unfortunately, member items were not identified in the city and state
data in the same manner, creating some difficulty in making the two data
sets symmetric. In the state data, member items were identified as such in
the contract purpose field. In most cases, being a member item was the
only description of the contract purpose; that is, there is no indication of
the substantive service area to which these contracts were directed. In
contrast, although we have verified that the city data does contain the
member item contracts, only three member items were identified as such.8

Instead, the city data’s contract purpose field contained a description of
the substantive service for which the contract was used. Thus, for the state
data we have more information on which contracts were member items,
but these member items often cannot be traced back to the actual ser-

8. Interview with staff member at the New York City Council budget office, February 5,
2013.
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vice being provided. Overall, although the number of member item con-
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tracts in the state data is large, these contracts only account for 3 percent
of total state funding.We experimented with sensitivity analyses by remov-
ing identifiable member items from both the state and city data, and our
results are largely robust to this deletion. For the analysis that follows, we
includemember item contracts.
allocating contracts spatially
We identify the spatial location of each contract based on the street ad-
dress of the receiving organization. However, because contract adminis-
tration is carried out at the program level (this level is a sublevel of the
executive agencies, which run multiple programs), the comptroller’s of-
fices frequently had different versions of the same organization’s name
and address. In order to ensure the accurate aggregation of all relevant
contracts to a single organization, we standardized all versions of the
name and address found in the original contract records.9 Using this pro-
cess,we determined that the 25,984 contracts contained in the original data
were awarded to 3,725 unique nonprofit organizations.

Street addresses were then geocoded to two different boundaries of an-
alytical interest: New York City health areas and New York City community
districts. NewYork City health areas were drawn in 1927 in order to provide
an administrative boundary for tracking health data that was larger than a
census tract, but small enough to constitute a sociallymeaningful community
(Drolet and Guilfoy 1930). Originally, there were 270 health areas, later ex-
panded to 354. These analyses use health areas as the primary proxy for
neighborhoods. A number of health areas are currently manufacturing and
industrial areas or public parks and other green space. After excluding these
cases, there are 336 health areas for analysis.

New York City community districts are administrative boundaries es-
tablished in 1975 to provide city government with a local policy advisory
mechanism. There are 59 community districts, each with a board com-
posed of up to 50 unsalaried, appointed members; the boards have advi-
sory powers only. These geographic areas are generally too large to think
of meaningfully as neighborhoods, but the city data provide information

9. Regrettably, neither the state nor the city would release the federal Employer Identifica-
tion Numbers of the contract recipients, citing privacy concerns not overridden by the free-

dom of information laws.
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on the community district(s) where the service paid for by the contract
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would be delivered. These indicated service locations are sometimes dif-
ferent from the community district where the organization is located.We
utilize this information to overcome an important limitation discussed
below.
identifying distributive organizations
In determining the geographic allocation of contract dollars, it is impor-
tant to distinguish between organizations that spend money in their im-
mediate geographic area and those that distribute their services more
widely. For instance, the Throggs NeckHomeowners Association’s address
is listed in the database as 256 Throggs Neck Boulevard in the Bronx, and
because the organization serves residents of the Throggs Neck neighbor-
hood only, we term it a local organization. By contrast, the Trust for Pub-
lic Land, an environmental organization whose address appears in the
database as 666 Broadway (in lower Manhattan), used contract dollars to
support activities at multiple locations in New York City. Thus, we term it
a distributive organization. Using this logic, for each organization that
appears in the data set, we have added a field that indicates whether an
organization provides services in its immediate area (a local organization)
or provides services more widely throughout the city (a distributive orga-
nization).

Each organization was assigned to be either local or distributive based
on information gleaned from either prior ethnographic research con-
ducted by the first author (Marwell 2004, 2007) or an online search for
the organization. Online searches produce a variety of information, in-
cluding organizational websites, press articles, user evaluations, IRS Form
990s, New York corporation status, and so on.Using these multiple sources,
we determined an organization was a local organization if it had a mission
statement or client service area that focused on up to three adjacent neigh-
borhoods. Using these same sources, we determined an organization was
distributive if it had a mission statement or client service area that covered
more than three adjacent neighborhoods, one or more boroughs, or the
entire city.10

10. Online searches were conducted in 2011, which is at least 10 years after the contracts
in the data set were allocated.We recognize that the local or distributive status of organiza-

tions may have changed during this period, especially in the case of local organizations that
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Once the coding rules for local and distributive organizations were de-
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termined, the authors conducted a reliability test. Each author coded the
same randomsample of 400 organizations (approximately 10 percent of the
total organizations), and the two authors’ codes were then compared. In-
tercoder reliability was determined to be 92 percent. With intercoder re-
liability sufficiently established, codes for local and distributive organiza-
tions were applied to all remaining organizations in the data set.

Distributive organizations account for the majority of money allocated
(state: 71 percent; city: 69 percent), despite making up only around half
of the contracts awarded (state: 52 percent; city: 45 percent). This is be-
cause the mean dollar amount of contracts awarded to distributive organi-
zations is much larger than the mean dollar amount of contracts awarded
to local organizations (state: $2,323,515 distributive and $947,002 local; city:
$438,573 distributive and $202,195 local).

In all of the analyses that follow, we consider funding to local and dis-
tributive organizations separately.The spatial distribution of the latter sort
of funding is problematic, because distributive organizations by definition
spend their money in neighborhoods beyond the one in which they are lo-
cated (although they may also spend money in their own neighborhood).
In order to better gauge how distributive organizations spend their money,
we perform a separate analysis of city contracts only.The city contract data
contain a field that indicates the community district in which the ser-
vices were actually delivered.This improves our ability to assess where the
money that is awarded to distributive organizations is actually spent, al-
though some neighborhood variability is lost by using the larger commu-
nity district boundaries. Additionally, for about 42 percent of contracts to
distributive organizations, the field indicating the location of service in-
dicates that services were provided either throughout a particular borough
(hereafter “boroughwide”) or across the entire city (hereafter “citywide”).
Because we have no basis for making an assumption about how these funds
are distributed, and any assumption will largely drive our conclusions, the
analysis below uses only the 58 percent of contracts where the data indi-
grew to serve multiple neighborhoods. Every effort was made to utilize online information to

determine whether the organization had been local or distributive at the time that the contract

was allocated. This included making extensive use of organizational histories when those were

available on organizational websites. A very small percentage of organizations ( less than 1 per-

cent) in the data set had no online information available. These contracts were excluded from

the analysis.
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cated that services were delivered in a specific community district (or dis-
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tricts).
descriptive findings

allocations

We calculate a measure of total funding to health areas and community
districts by summing up the amount of each contract spent within the time
interval for all contracts awarded to organizations within that geographic
unit. At the community district level,when a contract record indicates that
an organization spent that contract’s funds in multiple specific community
districts, we divide funding proportionally by population size across all in-
dicated community districts. Because both health areas and community
districts vary in population size,we divide the total amount of funding over
the 5-year period by five times the population size to get the average annual
funding per capita.

Table 1 summarizes the four measures of funding per capita we use for
our analysis. Funding per capita at the level of health areas provides us
with more fine-grained detail about spatial allocation to geographic bound-
aries closely approximating neighborhoods but allows us to examine spatial
allocation based only on the location of organizations. The community dis-
trict data, on the other hand, allow us to determine more accurately how
money is dispersed spatially by distributive organizations themselves be-
cause we can analyze spatial allocation based on the location of the service,
although this comes at the cost of the finer detail of health areas and is only
available for contracts awarded by the city. Furthermore, a substantial com-
ponent of allocation at the community district level remains invisible be-
cause we have no way to evaluate the spatial allocation of contracts that
were reported to be boroughwide and citywide.

table 1. Average Annual Funding per Capita in Dollars, by Geographical Unit,

Organization Type, and Source

Geography Type Source Mean Median IQR

Health area Local City + state 93.3 32.4 102.8
Community district Local City 45.0 29.6 47.0
Health area Distributive City + state 167.9 2.9 61.9
Community district Distributive* City 47.6 31.0 45.5

Note.—IQR = interquartile range.
* Distributive funding at the community district level does not include citywide and boroughwide

contracts.
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Over the time period of study, the average New York health area resident
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received about $93.00 in services from local organizations per year and
about $168.00 in services from distributive organizations. The numbers
are lower at the community district level because we only use city data and
exclude all boroughwide and citywide funding. In every case, the medians
are much smaller than the means and the interquartile ranges are quite
large, indicating a high degree of inequality across neighborhoods in the
amount of funds that they receive. Figure 1 shows the distribution of
funding per capita to health areas by the city and state. Both distributions
are heavily right skewed. The majority of health areas received small
amounts of funding per capita (under $100/person) with a small minority
of health areas receiving thousands of dollars per person. In terms of total
funding, all health areas received some money over this time period.
However, when we separate funding by service types, the majority of
health areas received no funding for any given service type over the time
period. Incorporating this source of spatial variability into the analysis
below is a major methodological challenge.

Figure 2 shows the distribution of contract dollars across service
types for the city and state. City funding is heavily concentrated in day
care and family services, whereas state funding is heavily concentrated in
health services. For both the city and state, the majority of funding within
each service type goes to distributive organizations. The two exceptions
F IGURE 1 . Histogram of average annual contract dollars per capita across health areas,
1997–2001, by city and state.
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are funding for day care and elderly services, which primarily flows to lo-
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cal organizations. Figure 3 shows maps of New York City indicating the
spatial distribution of funding per capita across health areas. This figure
clearly shows a high concentration of funding in midtown and downtown
Manhattan for distributive organizations and less funding outside of Man-
hattan (left panel), whereas the allocation of funding to local organizations
is less concentrated in midtown and downtown Manhattan, but also shows
a great deal of variability across health areas (right panel).
need
We calculate neighborhood characteristics for each health area and com-
munity district using Census 2000 data, and measure socioeconomic dis-
advantage using median household income, the poverty rate, and the un-
employment rate. We also calculate the relative size of three important
populations that are targeted by specific types of social services: the foreign-
born population, families with children, and the population age 65 years
F IGURE 2 . Total amount of dollars allocated to service areas in New York City, 1997–2001
separately by city and state and local/distributive organizations.
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and older.11 Summary statistics for all of these variables are shown in

table 2. Summary Statistics for Neighborhood Characteristics of Health Areas
and Community Districts

Health Areas Community Districts

Mean Median IQR Mean Median IQR

Total population 23,145 21,886 14,712 135,394 128,576 61,505
Median income 37,884 34,531 21,675 39,618 36,774 20,134
Poverty rate 23.8 20.7 20.7 22.4 19.6 18.0
Unemployment rate 11.6 9.5 9.8 10.9 9.4 7.4
Percent foreign-born 33.8 30.6 22.5 34.2 34.8 20.0
Percent sixty-five and older 11.4 10.5 5.8 11.5 11.2 4.3
Percent households with children 32.1 33.1 15.5 31.1 33.9 11.4
Number of neighborhoods 336 59

Note.—IQR = interquartile range.

336 | Social Service Review
table 2.
The three measures of socioeconomic disadvantage are highly collin-

ear and preliminary analysis revealed problems of variance inflation and
model estimation as a result of this collinearity. For this reason, we used
factor analysis to combine these three measures into a single index of
socioeconomic disadvantage. This single index explained 83 percent and
89 percent of the variation in the three variables for health areas and
community districts, respectively, and the factor loading for each variable
was greater than .85 in all cases. The socioeconomic disadvantage index
has a mean of zero and standard deviation of one.
assessing the relationship between

allocation and need
analytic strategy

Our primary goal is to examine the association between funding and
measures of neighborhood need. Total dollars per capita received within
each health area or community district is the dependent variable for the
analysis that follows, presenting two methodological challenges. First, as
figure 1 shows, this variable is severely right skewed, so that some form of
transformation is required to reduce the influence of extreme values. Sec-

11. We also experimented with a measure of the prevalence of single-parent households.
However, this measure was highly collinear with our three measures of socioeconomic

disadvantage and made model estimation difficult.
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ond, when we break funding down by service type, the amount of dollars
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spent in a neighborhood is zero for the majority of neighborhoods for most
service types. Thus, an important source of variation in funding for a par-
ticular service type is that a significant number of neighborhoods receive
no funding for many service types.

Log transformation is the generally preferred method to handle right-
skewed variables. However, the log transformation is undefined for zero
values, and so we must consider how to treat these zero values. Dropping
zero values or imputing them is not acceptable because either method
would severely distort our measure of spatial variation given the large
number of zero values in our dependent variables. Tobit models are some-
times used in the presence of a large number of zero values, but such mod-
els are inappropriate in our case because the assumption underlying the
Tobit model that zeros are produced by an underlying latent continu-
ous variable does not describe our data well. Furthermore, in order to log
the dependent variable in a Tobit model, one must still impute a value for
the zeros. Another approach is to run two separatemodels, one that predicts
nonzero values using a binary dependent variable and a second that esti-
mates funding given that it is nonzero. This method is also inappropriate
here, because it misrepresents the process of contract allocation as a two-
stage process.

We model the relationship between funding per capita and neighbor-
hood characteristics using a poisson generalized linear model with an over-
dispersion parameter estimated via quasi-maximum likelihood (Woolridge
1997).12 The poisson model has been shown to be more robust than other
methods for dependent variables with skewed nonnegative distributions,
such as those observed in these data (Nichols 2010).

The generalized linear model framework resolves our problem with
zero values. Because we are predicting the log of the expected value of yi

12. Although the poisson model is generally thought of as a model for count data, it can be
used to model noncount and even noninteger data. Its primary limitation is the assumption

that the variance of the dependent variablemust equal its expected value. Because our data do

not arise from a Poisson process, there is no reason to believe that this assumption is accurate.

However, this assumption can be relaxed by the inclusion of an overdispersion parameter. An

alternative approach would be to use Huber-White robust standard errors. However, this

technique cannot be implemented in the models to account for spatial autocorrelation. In mod-

els without spatial autocorrelation, the robust standard errors were quite similar to those pro-

duced by accounting for overdispersion via quasi-maximum likelihood.

This content downloaded from 128.135.216.42 on Fri, 5 Jul 2013 17:08:11 PM
All use subject to JSTOR Terms and Conditions

http://www.jstor.org/page/info/about/policies/terms.jsp


as a linear function of the independent variables rather than the expected
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value of the log of yi as would be the case for an OLS regressionmodel with
a log-transformed dependent variable, zero values for yi are not prob-
lematic for our estimation procedure. The expected value for each neigh-
borhood is positive even if the observed value is actually zero.

Exponentiated coefficients from our models can be interpreted as the
multiplicative change in expected funding per capita for a one-unit in-
crease in the independent variable.When coefficients are small, they can
be interpreted directly as the approximate percentage change in expected
funding per capita for a one-unit increase in the independent variable.

The maps shown in figure 3 suggest clustering of funding across neigh-
borhoods in close proximity. Calculation of Moran’s I, a standard measure
of spatial autocorrelation, for each of our measures of funding also indi-
cated that such spatial autocorrelation was present in the data (Bivand,
Pebesma, and Gomez-Rubio 2008).We account for spatial autocorrelation
between neighborhoods in our models by the use of a Gaussian variogram
based on the Euclidean distance between the centroid of each neighbor-
hood.13

Our analysis proceeds in two steps. First we examine the relationship
between neighborhood characteristics and our four measures of funding
per capita across all service codes combined.We then estimate models for
each service code in order to assess whether funding for certain types of
services displays a stronger connection to neighborhood need.
results
Funding across All Service Types
Figure 4 shows the relationship between each of our measures of funding
per capita and the neighborhood socioeconomic disadvantage index, based
on the predicted values from poisson models (minus the intercept to aid in
comparison).We focus first on the left-hand panel, which shows the rela-
tionship between funding and socioeconomic disadvantage across health
areas for the city and state contracts combined. Funding to local organi-
zations is positively associated with socioeconomic disadvantage, but fund-

13. This approach assumes that the spatial correlation between any two neighborhoods is
equal to expðð2 d=rÞ2), where d is the Euclidean distance between the two neighborhoods

and r is a range parameter estimated from the model (Bivand et al. 2008).
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ing to distributive organizations is negatively associated with socioeco-

F IGURE 4. The relationship between neighborhood socioeconomic disadvantage and fund-
ing per capita, by organization type, organization location, and service location.

NYC Contract Allocation | 339
nomic disadvantage. Both coefficients are statistically distinguishable from
zero (local, p-value < .001; distributive, p-value < .05).We also plot the re-
lationship between total funding and socioeconomic disadvantage with a
quadratic term to allow for nonlinearity. The two divergent relationships
for local and distributive organizations combine to create a nonlinear rela-
tionship between socioeconomic disadvantage and overall funding. How-
ever, because the dollars allocated to distributive organizations exceed the
dollars allocated to local organizations, the overall trend for all funding is
a generally negative, albeit diminishing, relationship.

This result indicates that local organizations are more likely to be lo-
cated in more disadvantaged neighborhoods and are thus at least some-
what responsive to the neediest populations. Distributive organizations, on
the other hand, tend to be located in more advantaged neighborhoods.The
overall negative effect is largely driven by the heavy concentration of dis-
tributive organizations in midtown and lower Manhattan.When Manhat-
tan health areas are excluded from the model the effect is very close to
zero (b = .003).

However, it may be that while distributive organizations are located in
the most advantaged neighborhoods, they do as well or better at distribut-
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ing services to needy neighborhoods as do local organizations. The right-
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hand panel thus examines the community district data on the location of
service for the city contracts. For local organizations,we observe a very sim-
ilar positive relationship between this measure of funding per capita and
socioeconomic disadvantage, and also see a similar positive relationship for
this measure of funding to distributive organizations, albeit with citywide
and boroughwide contracts removed. Both of these effects are statistically
distinguishable from zero ( p-value < .05) and statistically indistinguishable
from one another. These results suggest that in terms of the location of ser-
vices, funding to both local and distributive organizations is positively asso-
ciatedwith socioeconomic need.

Table 3 shows models that add variables on the relative size of targeted
populations. As in figure 4, we find a positive association between the dis-
advantage index and three of the four measures of allocation. For distribu-
tive funding by health area, the association is no longer negative but remains
effectively zero.The results for the targeted populations vary in size but are
consistently negative across all three populations and all four measures of
funding per capita. Increases in the population share of the foreign-born
population, the elderly population, and families with children are associated
with reduced funding per capita to neighborhoods for services targeted to
those populations, holding socioeconomic disadvantage constant. Although

table 3. Estimated Parameters from Poisson Models Predicting Average Annual Local and
Distributive Funding per Capita to Health Areas and Community Districts by Neighborhood

Characteristics, New York City, 1997–2001

Health Area Community Districts

Variable Local Distributive Local Distributivea

Disadvantage index .472***
(.128)

.081
(.226)

.538***
(.138)

.468***
(.111)

Percentage foreign-born 2.0151

(.008)
2.019
(.014)

2.028**
(.010)

2.016*
(.007)

Percentage age 65 and over 2.0521

(.028)
2.089**
(.031)

2.044
(.039)

2.168***
(.034)

Percentage of households with children 2.033**
(.011)

2.101***
(.017)

2.044***
(.012)

2.065***
(.010)

N 336 336 59 59

Note.—Standard errors in parentheses. All models include parameters for overdispersion and spa-

tial autocorrelation.
a Distributive funding at the community district level does not include citywide and boroughwide

contracts.
1 p < .10.

* p < .05.
** p < .01.
*** p < .001.
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the analyses are not shown, these negative results hold even without so-
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cioeconomic disadvantage included as a control.Thus,while some evidence
suggests a positive match between socioeconomic need and the spatial al-
location of services, other evidence suggests a mismatch between the spatial
allocation of overall funding and particular populations that have a higher
need for specific kinds of services. However, it may still be the case that
these populations receive more funding for particular services that are
relevant to their needs.

Funding within Service Types
We now move to models estimated separately for each service type. Fig-
ure 5 shows the regression coefficient measuring changes in the log of
expected funding by socioeconomic disadvantage for each service type.
The panel on the left is based on the health area where the organization
is located and the panel on the right is based on the community district
where the service is provided.

For health areas, the difference between distributive and local organi-
zations found above is replicated across almost all service types. Every co-
efficient is negative for distributive organizations, while almost all of the
coefficients are positive for local organizations. Within each organization
F IGURE 5. Dot plot of regression coefficients for the relationship between funding per
capita and socioeconomic disadvantage for each service type.
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type, there is some variability in the size of the coefficient, but the strik-
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ing feature is the consistency of positive and negative effects for local and
distributive organizations, respectively. Thus, for all service types, distribu-
tive organizations tend to be located inmore socioeconomically advantaged
neighborhoods and for almost all service types, local organizations tend to
be located in more socioeconomically disadvantaged neighborhoods.

The results for the right panel, which looks at the community district
where services are delivered, are more mixed. For both local and distrib-
utive organizations, some associations are positive and some are negative
and the results are not consistently higher for local organizations.

To examine the relationship between funding for specific service types
and the prevalence of the population targeted by those services within a
neighborhood, we select four service types that should be tied to these
particular demographic groups: for the foreign-born population, funding
for immigration-related services; for the elderly population, funding for
elderly services; and for families with children, funding for family services
and day care, separately. For each of these service types, we run a model
that includes both the disadvantage index, the relative size of the demo-
graphic group that those services should be targeting, and the interaction
between these two variables. The main effect of the relative size of the
group indicates the extent to which funding increases with the prevalence
of the targeted population when the neighborhood is at a citywide aver-
age level of disadvantage. The interaction term indicates whether more or
less funding is allocated to those targeted populations as neighborhood dis-
advantage increases or decreases. Table 4 shows the results of these mod-
els, which indicate a relatively weak association between the allocation of
funding and the concentration of populations in need of specific services.
For immigration and elderly services, the results suggest that funding to
local organizations is more likely to flow to the targeted populations (im-
migrants and the elderly, respectively). For the funding of elderly services,
this targeted allocation toward the elderly increases with the level of dis-
advantage in the neighborhood as indicated by the substantial and statisti-
cally significant positive interaction term, but the same does not appear to
be true for the funding of immigrant services toward immigrants. Neither
of these findings holds for distributive funding, even when analyzed by the
location of services at the community district level. In fact, in clear con-
trast to the finding for local organizations, the funding for elderly services
seems to be allocated away from the poorest elderly, as indicated by the
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substantial and statistically significant negative interaction term at the com-

table 4. Estimated Parameters from Poisson Models Predicting Average Annual Funding
Per Capita for Particular Services across Health Areas by Selected Neighborhood Need Variables,
New York City, 1997–2001

Health Area Community District

Variable Local Distributive Local Distributivea

Immigration services:
Disadvantage index 2.019

(.489)
.378
(.294)

.354
(.509)

Percentage foreign-born .064**
(.021)

.054**
(.019)

2.013
(.033)

Disadvantage � percentage foreign-born .030
(.028)

.040
(.027)

.009
(.043)

Elderly services:
Disadvantage index .3331

(.186)
2.747
(.470)

.194
(.277)

.104
(.233)

Percentage age 65 and over .061
(.040)

.048
(.103)

.006
(.072)

2.010
(.060)

Disadvantage � percentage age 65 and over .089*
(.044)

2.002
(.089)

.021
(.070)

2.118*
(.049)

Day care:
Disadvantage index .938***

(.140)
.7151

(.382)
1.114***
(.192)

1.319**
(.394)

Percentage households with children 2.070***
(.130)

2.147***
(.029)

2.059**
(.020)

2.111**
(.033)

Disadvantage � percentage households
with children 2.007

(.009)
.018
(.017)

2.022
(.014)

.027
(.019)

Family services:
Disadvantage index .684*

(.340)
.572*
(.272)

.805*
(.385)

.716***
(.109)

Percentage households with children 2.042
(.034)

2.110***
(.022)

.019
(.044)

2.0201

(.010)
Disadvantage � percentage households
with children 2.0641

(.035)
.006
(.015)

2.017
(.030)

.009
(.008)

Note.—Standard errors in parentheses. All models include parameters for overdispersion and

spatial autocorrelation. Independent variables are mean centered for interpretive convenience. The var-
iance in immigration service funding across health areas was too low to estimate models for distributive
organizations.

a Distributive funding at the community district level does not include citywide and boroughwide
contracts.

1 p < .10.
* p < .05.
** p < .01.

*** p < .001.
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munity district level.
For both day care and family services, we find evidence that funding is

actually less likely to be allocated in neighborhoods with a high prevalence
of families with children than in neighborhoods with a low prevalence of
these families. There is little evidence that this negative targeting changes
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with the level of disadvantage in the neighborhood and what evidence

344 | Social Service Review
there is, actually suggests a negative association (local organizations by
health area) such that money is least likely to go to areas with a high con-
centration of poor families. Thus, there seems to be a clear mismatch in the
allocation of funds for social services targeted to families with children and
the spatial concentration of those families.
discussion and conclusion
The privatized delivery of most publicly supported social services makes
the variable allocation of funding for services across geographic space an
important question for public policy. The foregoing analysis takes an im-
portant step in furthering understanding of the availability of these ser-
vices,which are a key piece of the contemporary welfare state, particularly
for our lowest-income citizens.We improve upon prior studies that exam-
ine the location of nonprofit organizations in relation to lower-income areas
by tracking the actual dollars present in needy neighborhoods, and thereby
provide a stronger assessment of resource availability in the zero-sum game
of service allocation across the city’s geography. Needy citizens who reside
in neighborhoods with fewer dollars available to support key social ser-
vices have more limited opportunities to improve their current conditions
and life chances than equally needy citizens who live in better-resourced
neighborhoods. This study aims to understand the extent of this inequality.

The data offer a unique resource for tracking the distribution of gov-
ernment contract dollars for social services across neighborhoods in New
York City. At the same time, there are some limitations to our ability to
understand the specific location where those dollars actually produce ser-
vices. The address field for each contract indicates a single location for the
contract recipient. For organizations that operate multiple service locations,
it is not clear whether the address information accurately reflects the loca-
tionwhere the specific contract supports services. In this article we adopted
two approaches to explicate this issue. First, we categorize all contract re-
cipient organizations as either local (i.e., they deliver services in their im-
mediate area) or distributive (i.e., they deliver services atmultiple locations).
This distinction allows us to understand which contracts are most clearly
tied to specific locations (the contracts going to local organizations), while
separating out the contracts that need further examination to make a loca-
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tional attribution (the contracts going to distributive organizations). Second,
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we use a data field with additional locational information to examine con-
tracts to distributive organizations, allowing us to determine, at the com-
munity district level, where services paid for with contracts to distributive
organizations were actually delivered.While this information is only avail-
able for the contracts fromNew York City government, and specific commu-
nity districts are identified for only 58 percent of the distributive organiza-
tion contracts, this information strengthened the accuracy of our analysis.

For both local and distributive organizations, we examine the spatial
match between neighborhood need and the allocation of contract dollars
in two ways. First, we analyze the distribution of total funding for all ser-
vice types to neighborhoods. Second, we examine how funding for four
specific types of services—immigrant services, elderly services, day care,
and family services—arematched to neighborhoodswith populationsmost
likely to make use of such services—the foreign-born, the elderly, and fam-
ilies with children.

We find that when the city and state allocate funds to local organiza-
tions, there is a positive and substantively strong relationship between the
total amount of social services dollars distributed to neighborhoods and
neighborhood disadvantage. In other words, when considering organiza-
tions that serve their immediate neighborhoods, the city and state do dis-
tribute the total package of contract dollars to the neighborhoods in great-
est need. For funding allocated to distributive organizations, however, there
is a negative relationship between the neighborhoods where the central of-
fices of those organizations are located, and neighborhood disadvantage.
This is largely because so many distributive organization headquarters are
located in downtown and midtown Manhattan, which tend to be higher-
income areas.

For the subset of contracts where we have available information on
the community district where the service was provided, however, the data
suggest that contract allocations to both local and distributive organiza-
tions are positively associated with neighborhood disadvantage. This sug-
gests that the internal allocation processes of distributive organizations
are roughly as efficient at getting money to needy populations as is the
city government’s own allocation process to local organizations. However,
this latter analysis includes only the city data, and excludes the roughly
42 percent of city funding to distributive organizations that was classified
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as boroughwide or citywide. Indeed, combining these location-unknown
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city contracts with all of the state contracts to distributive organizations
(none of which had location information), there is a large black box in our
understanding of where contracts allocated to distributive organizations
actually end up making services available.

Analysts, practitioners, and government officials could all benefit from
further research on this question, as there may be good reason to suspect
that public dollars that go to distributive organizations are not flowing as
efficiently to needy populations as are funds that go to local organizations.
At the very least, the central offices of distributive organizations are much
less likely to be physically located in the neediest neighborhoods than are
local organizations. While public transit is widely available in New York
City, there is certainly inequality in transit access, particularly for neigh-
borhoods that are located far from the Manhattan sites where most dis-
tributive organizations are headquartered.14

The second set of analyses examined the allocation of contracts for
specific types of services, paying particular attention to services that have
clearly identifiable target populations. Across all service types, we find a
pattern quite similar to that for our previous analysis of overall funding.
That is,when looking at the location of the organization, allocation to local
organizations is generally positively associated with disadvantage, while
allocation to distributive organizations is generally negatively associated
with disadvantage.When we analyze the subset of the data for which we
have information on the location of the service, however, the advantage of
sending contracts to local organizations is much less clear.

More importantly, however, the results for specific targeted popula-
tions reveal a relatively weak spatial match, and in some cases a spatial
mismatch, between funding for specific service types and the prevalence
of targeted populations. There is some evidence that local organizations
are better at allocating funding toward more disadvantaged elderly and
immigrant populations than distributive organizations, but both local and
14. Some distributive organizations have satellite locations in neighborhoods other than

eir headquarters location, while others do not. It is not possible to determine from our data

hether the service delivery location of a distributive organization represents a satellite loca-

on or some other form of decentralized service provision (e.g., subcontract to another service

rovider, temporary partnership with a government agency, or other private organization).
th
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distributive organizations do a poor job of targeting families with children.
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Both day-care and family services funding are negatively associated with
the concentration of families with children, and this result varies little by
the overall level of neighborhood disadvantage. Further research on why
day-care and family services funding are so poorly matched to need might
consider whether day-care organizations in particular might be located in
more commercial areas, that is, closer to parents’ workplaces rather than
their residences.

Our analysis suggests that the process of government contracting to
nonprofit organizations raises several important public policy issues. The
first is whether privatizing social services adequately provides needy cit-
izens with access to potentially beneficial assistance. Our study of New
York City offers mixed evidence for a positive association between con-
tract dollars available and levels of general and specific need, suggesting
that there is room for improvement both in the tracking of where dis-
tributive organizations make their services available, and in the matching
of government funds to neighborhoods and populations of need.

Second, our analysis points to the importance of understanding the in-
ternal allocation processes undertaken by the nonprofit organizations we
refer to as distributive. Again, better tracking in the data of where con-
tract dollars to distributive organizations end up seems indicated. In addi-
tion, further research seems warranted on whether and how government
agencies might attempt to constrain distributive organizations’ use of spe-
cific contracts to target disadvantaged neighborhoods or populations.

Third, our finding that contracts to local organizations most consis-
tently (though not always) match up with neighborhood disadvantage rein-
forces the important role that locally based, community-focused nonprofits
play in poor places (cf. Marwell 2004, 2007).Whether this relationship re-
mains true over an extended period of time is an important question, as is
tracking the relative size of the segments of the nonprofit organizational
population that are of the local as opposed to the distributive type. Both
of these issues are likely to affect how accessible publicly supported social
services are to needy individuals, families, and communities.

Finally, while this study shows that need is partially driving the allo-
cation of social services contracts, the results are not conclusive. There
are other factors that may drive the variation in contract dollars across neigh-
borhoods, for instance the quality of an organization’s services. While
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ideally public funds are spent on high-quality services, it seems likely
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that service quality is unequally distributed across organizations, and thus
across neighborhoods. If the contract allocation process prefers the high-
est quality organizations, this preference may well exacerbate the spatial
mismatch between service availability and need. Government agencies cur-
rently emphasizing performance measures of service quality would do well
to anticipate this unintended consequence.

In addition, some service-providing organizations may choose not
to locate themselves in the most disadvantaged areas, which may affect
whether residents of high-need neighborhoods have equitable access to
sites of service provision. Certainly the data show that distributive orga-
nizations, which receive a larger share of total contract dollars, and have
contracts of larger average size compared to local organizations, are con-
centrated in better-off sections of Manhattan. Again, howwell distributive
organizations are able to provide service sites in poorer areas will affect
service access for needy individuals, families, and communities.While our
analysis shows that distributive organizations do as well as local organiza-
tions in targeting overall disadvantage, neither type of organizationmatches
specific services (such as day care or elderly services) well with those ser-
vices’ targeted populations.These issues are especially important for distrib-
utive organizations since they receive a majority of total contract dollars.

A third potential factor driving the distribution of contracts may be
political influence. As the first author (Marwell 2004) shows, local elected
officials acting in concert with nonprofit organizations in their districts
can exercise important influence over the contract allocation process.
While political influence over contracting sometimes is plainly corruption,
she argues that the “new machine politics” (278) can also be understood
as a form of legitimate political organizing that seeks to influence our
complicated present-day mechanisms for distributing public resources.
Of course, the fixed sum available for social services contracts means that
one organization’s ability to influence allocations in its favor is another
organization’s loss. The importance of social services in the social bene-
fit package of our poorest citizens led us to examine the relationship be-
tween the allocation of social service funding and community need, and we
hope that future research will deepen understanding of how the distribu-
tion of scarce public resources affects different dynamics important to the
lives of the poor.
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